Analysing Immighation Thends
Using Facebook Adventising Data

Motivation:

Traditional data (censuses, surveys) offer official
migrant estimates but lag 1-2 years with incomplete
coverage of origins and moves (Yildiz et al., 2024;
Rampazzo et al., 2021). Facebook data provides real-
time proxies via user demographics, tracked by Monthly
Active Users (Zagheni et al., 2017). Corrected for biases,
it boosts precision and policy support (Yildiz et al.,
2024), though limited by private access constraints.

import requests
import pandas as pd
import json
# query arguments
args = {
"token": "8db25b1327d531554c6d81f8059a0733",
"platform": "facebook",
"country": "JP",
"gender": "0",

"date_start": "2020-01-10",

response = requests.get(url="http://digitrace-datahub.
ndph.ox.ac.uk/api/vl/query', params=args)

# format response as dictionary
response = response.json()

# check status
print(response.get('status'))
print(response.get('message'))

# extract data as pandas dataframe

if response.get('status') == 200:
data = pd.DataFrame(json.loads(response.get('data')))
data.to_csv('JAPAN.csv', index=False)

Limitations:

Facebook data biases favor younger, urban groups,
missing older/rural migrants. API reliance risks disruptions
(e.g., FbRads issues), varying updates affect consistency,
and lacking sub-national data limits insights. Privacy and
ethical concerns also restrict applicability.
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Our contribution:

ESCAP's diverse region, with 40% of global migrants, needs
timely data. We use Facebook data to analyze trends, filling a gap
in Europe-focused studies (Zagheni et al., 2017), offering real-
time insights for policy amid regional shifts (Yildiz et al., 2024).

import pandas as pd

# Read CSV file
df = pd.read_csv("/Users/machine/Desktop/research/GUY ABEL/51_US/US_F.csv")

filtered_13 = df[
(df['age_min'] == 13) &
(df['age_max'] == 999) &
(df['geo_locations'].str.containfs('countries', case=False, na=False)) &
(df['geo_locations'].str.contains('recent', case=False, na=False))
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filtered_18 = df[
(df['age_min'] == 18) &
(df['age_max'] == 999) &
(df['geo_locations'].str.contains('countries', case=False, na=False)) &
(df['geo_locations'].str.contains('recent', case=False, na=False))

filtered_expats_13 = df[
(df['age_min'] == 13) &
(df['age_max'] == 999) &
(df['geo_locations'].str.contains('countries', case=False, na=False)) &
(~df['geo_locations'].str.contains('recent’', case=False, na=False)
]
filtered_expats_18 = df[
(df['age_min'] == 18) &
(df['age_max'] == 999) &
(df['geo_locations'].str.contains('countries', case=False, na=False)) &
(~df['geo_locations'].str.contains('recent', case=False, na=False)

with pd.ExcelWriter("US_F_filtered.xlsx") as writer:
filtered_13.to_excel(writer, sheet_name="male_local_13", index=False)
filtered_18.to_excel(writer, sheet_name="male_local_18", index=False)
filtered_expats_13.to_excel(writer, sheet_name="male_expats_13", index=False)
filtered_expats_18.to_excel(writer, sheet_name="male_expats_18", index=False)

Furture direction:

This research will deepen Facebook data analysis for ESCAP
immigration trends, refining models for regional patterns like
Southeast Asia labor or South Asia refugees. We plan real-time
tracking with API tools, machine learning predictions, and
partnerships to expand data on understudied nations.
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